Testing the MC Model

9.1 Introduction

This chapter is concerned with testing the overall MC model. It is the coun-
terpart of Chapter 8 for the US model. There are, however, many fewer tests
in this chapter than there are in Chapter 8. The main problem here is the short
length of many of the sample periods. Many of these periods do not begin until
the 1970s, which effectively rules out, for example, the successive reestima-
tion that was done in Sections 8.6, 8.7, and 8.8 for the US model. Therefore,
the main testing of the MC model must rely on within sample predictions,
although some outside sample results are reported in this chapter.

The size of the MC model is discussed in Section 9.2, and the solution
of the model is explained. Section 9.3 then presents the model to which the
MC model is to be compared. This model, called ARMC, replaces each of
the stochastic equations of the ROW model with a fourth order autoregressive
equation for the quarterly countries and a second order autoregressive equation
forthe annual countries. The within sample test results are discussed in Section
9.4, and the outside sample test results are discussed in Section 9.5.

9.2 The Size and Solution of the MC model

The US model, which is part of the MC model, includes 30 stochastic equa-
tions plus one more when it is imbedded in the MC model. This additional
equation is discussed below. There are 32 countries in the ROW model and
up to 15 stochastic equations per country. If each country had all 15 equa-
tions, there would be a total of 480 (3215) stochastic equations in the ROW
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248 9 TESTING THE MC MODEL

model. Because of data limitations, however, not all countries have all equa-
tions, and there are in fact 315 stochastic equations in the ROW model. Given
the 31 stochastic equations in the US model, there are thus 346 stochastic
equations in the MC model. There are a total of 1541 unrestricted coefficients
in these equations, counting the autoregressive coefficients of the error terms.
In addition, as discussed in Section 6.16, there are 1299 estimated trade share
equations. Not counting the trade share coefficient estimates, all the coeffi-
cient estimates for the US model are presented in Tables 5.1-5.30, and all the
coefficient estimates for the ROW model are presented in Tables 6.1a—6.15a.
These are the estimates that were used for the within sample results below.

Table B.1 shows that there are in the ROW model 19 variables determined
by identities, 4 variables determined when the countries are linked together,
and 22 exogenous variables per country. Counting these variables, various
transformations of the variables that are needed for the estimation, and the US
variables (but not the trade shares), there are about 4000 variables in the MC
model.

The way in which the US model is imbedded in the MC model is explained
in Table B.5. The two key variables that are exogenous in the US model but
become endogenous in the overall MC model are expatxs,and the price
of imports, PIM. EX depends orX85%;s, which is determined in Table
B.4. PIM depends onP My s, which depends oP M Py g, which is also
determined in Table B.4.

Feeding into Table B.4 from the US model aPe&X ;5 and M85%A .
PXys is determined is the same way thR is determined for the other
countries, namely by equation 11. In the US caseAd&qy,;s — log PW$y s
is regressed onloG D P D — log PW$ys. The equation, which is numbered
132 is:

logPXys —logPWSys = A(logGDPD —logPWSys) (132

This equation is estimated under the assumption of a second order autore-
gressive error for the 1962:1-1992:3 period. The estimatei®f956 with a
t-statistic of 24.26. The estimates (t-statistics) of the two autoregressive coef-
ficients are 1.50 (19.17) and.51 (—6.55), respectively. The standard error
is .0125. Given the predicted value BfX;s from equation 132PEX is
determined by the identity listed in Table B.BEX = DEL3- PXys. This
identity replaces identity 32 in Table A.3 in the US model.

M85%Ay s, which, as just noted, feeds into Table B.4, dependafgn,
which depends ohM. Thisis shown in Table B.5I M is determined by equa-
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tion 27 in the US model. Equation 27 is thus the key equation that determines
the U.S. import value that feeds into Table B.4.

The main exogenous variables in the overall MC model are the government
spending variablegX). In other words, fiscal policy is exogenous. Monetary
policy is not exogenous because of the use of the interest rate and exchange
rate reaction functions.

Because some of the countries are annual, the overall MC model is solved
a year at a time. A solution period must begin in the first quarter of the year.
In the following discussion, assume that year 1 is the first year to be solved.
The overall MC model is solved as follows:

1. Given values o0& 85$, PM P, and PW$ for all four quarters of year 1
for each quarterly country and for year 1 for each annual country, all the
stochastic equations and identities are solved. For the annual countries
“solved” means that the equations are passed thréygjmes for year
1, wherek1 is determined by experimentation (as discussed below). For
the quarterly countries “solved” means that quarter 1 of year 1 is passed
throughk; times, then quarter 2; times, then quarter B, times, and
then quarter 41 times. The solution for the quarterly countries for the
four quarters of year 1 is a dynamic simulation in the sense that the
predicted values of the endogenous variables from previous quarters are
used, when relevant, in the solution for the current quarter.

2. Given from the solution in step 1 values Bf PX, and M85%A for
each country, the calculations in Table B.4 can be performed. Since all
the calculations in Table B.4 are quarterly, the annual valués &fX,
andM 85%A from the annual countries have to be converted to quarterly
values first. This is done in the manner discussed at the bottom of Table
B.4. The procedure in effect takes the distribution of the annual values
into the quarterly values to be exogenous. The second task is to compute
P X$ using equation L-1. Given the values®BX $, the third task is to
compute the values of;; from the trade share equations—see equation
6.13 in Section 6.16. This solution is also dynamic in the sense that the
predicted value of;; for the previous quarter feeds into the solution
for the current quarter. (Remember that the lagged valug ;o an
explanatory variable in the trade share equations.) The fourth task is to
computex85$, P M P, andP W$ for each country using equations L-2,
L-3, and L-4. Finally, for the annual countries the quarterly values of
these three variables are then converted to annual values by summing in
the case o 85% and averaging in the case®M P andPW $.
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3. Given the new values af85%, PM P, and PW$ from step 2, repeat
step 1 and then step 2. Keep repeating steps 1 and 2 until they have been
donek; times. At the end of this, declare that the solution for year 1
has been obtained.

4. Repeat steps 1, 2, and 3 for year 2. If the solution is meant to be
dynamic, use the predicted values for year 1 for the annual countries
and the predicted values for the four quarters of year 1 for the quarterly
countries, when relevant, in the solution for year 2. Continue then to
year 3, and so on.

| have found that going beyond = 4 andk, = 7 leads to very little
change in the final solution values, and these are the valuesarfdk, that
have been used for the results in this chapter and in Chapter 12.

Stochastic Simulation of the MC Model in the Future

Although no stochastic simulation experiments using the MC model were
performed for the present work, it should be possible in future work, with a
few adjustments, to do so. Since the MC model has 346 stochastic equations
and 1541 unrestricted coefficients, the covariance matrix of the error terms is
346x 346 and the covariance matrix of the coefficient estimates is135841.

Some of the problems that arise in dealing with these matrices are the following.
First, some of the equations are estimated using quarterly data and some using
annual data. Second, even if the periodicity of the data were the same, there are
not enough observations to estimate the covariance matrix of the error terms
unconstrained. Third, the estimation periods generally differ across countries.
The best way to handle these problems is probably to take the covariance
matrices to be block diagonal, one block per country. In some cases one may
also want to take the covariance matrix of the coefficient estimates within a
country to be block diagonal, one block per equation.

The computer time needed to solve the MC model once is still large enough
to make stochastic simulation costly in time. Even using the block diagonal
matrices just discussed, stochastic simulation would not be routine using, say,
486 computers. This computer restriction should, however, be eased consid-
erably with the next generation of chips, and so in a few years it should be
possible to perform the same type of calculations for the MC model as were
performed in Chapters 8 and 11 for the US model.
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9.3 The ARMC Model

In order to decide how good or bad the MC model predicts the data, one
needs a basis of comparison. Two VAR models and an AC model were used
for this purpose for the US model. A model that has some similarities to
the AC model was used as the basis of comparison for the MC model. This
model will be called the “ARMC” model. It is simple to describe. Each of
the stochastic equations for the quarterly countries (except the US) is replaced
with an autoregressive equation in which the left hand side variable is regressed
on a constant term, a linear time trend, and the first four lagged values of the
variable. For the annual countries only the first two lagged values arelused.
The MC and ARMC models differ only in this treatment of the stochastic
equations. The US model is the same for both models; all the identities are
the same* and the trade share calculations are the same.

The ARMC is like the AC model in that the components of GDP are
regressed on their lagged values and the GDP identity is used. It differs from
the AC modelin that 1) regressions are not performed for components that are
not determined by stochastic equations in the MC model, 2) regressions are
performed for all the variables determined by stochastic equations, not just the
components, and 3) all the identities are used, not just the GDP identity.

Each equation of the ARMC model was estimated over the same sample
period as was used for the corresponding equation for the MC model. The
model is solved in the same way as the MC model.

lwith the following five exceptions, the left hand side variable for the ARMC model
for each equation is the same as that for the MC model. The exceptions are 1) equation 4,
where the left hand side variable V&l rather thart’, 2) equation 8, withR B rather than
RB — RS_5, 3) equation 9, with log rather than logE/E_1), 4) equation 11, with lo@® X
rather than log? X — log(PW$ - E), and 5) equation 12, with log rather than the left
hand side variable used to account for the coefficient restriction. Also, be¥duseused
for the left hand side variable for equation 4, the identity I-4 is changed ffare= Y — X
toY =X+ V1
2With the exception noted in the previous footnote.
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9.4 Within Sample RMSEs

Given the data availability, the longest perfodver which the MC model

could be solved was 1972-1990. A series of two year (eight quarter) ahead
predictions were run over the period. The first prediction began in 1972, the
second one in 1973, and so on through 1990. For each endogenous variable
this results in 19 one year ahead forecasts and 18 two year ahead forecasts for
the annual countries. For the quarterly countries there were 19 one through
four quarter ahead forecasts and 18 five through eight quarter ahead fofecasts.
Given the forecast values, root mean squared errors (RMSESs) were computed.
The same forecasts were made using the ARMC model, and RMSEs were
computed.

The results from this work are presented in Table 9.1. Presented in the
table for each of 17 variables for each country is the ratio of the MC RMSE
to the ARMC RMSE. For the quarterly countries ratios are presented for the
one quarter ahead, four quarter ahead, and eight quarter ahead RMSEs, and
for the annual countries ratios are presented for the one year ahead and two
year ahead RMSESs. A ratio less than one means that the MC model is more
accurate, and a ratio greater than one means that the ARMC model is more
accurate.

Presented at the top of Table 9.1 for each variable is a weighted average
of all the results. The weight used for a country is the ratio of its GDP in
1985 in U.S. dollars to the total for all the countrie&he first row, labelled
I, is the weighted average of the four quarter ahead results for the quarterly
countries and the one year ahead results for the annual countries. The second
row, labelled 11, is the weighted average of the eight quarter ahead results for
the quarterly countries and the two year ahead results for the annual countries.
These summary results were obtained by taking weighted averages of the
individual RMSEs and then computing the ratio of the weighted averages,
rather than by taking weighted averages of the individual ratios. The following
discussion will concentrate on the weighted averages.

Consider first the results for the exchange rate in Table 9.1. On average

3In order to use the complete 1972—-1990 period, the following countries were dropped
in the solution of the model for the following periods: NE: 1972-1976; Fl: 1972-1976;
NO: 1972-1973; and MA: 1987-1990. Data on some of the variables did not exist for these
countries for the respective periods.

4Remember that each prediction period begins in the first quarter of the year for the
quarterly countries. This is contrary to the case for the US model in Chapter 8, where a new
prediction period began each quarter.

SGDP in U.S. dollars i§PY - Y)/E.
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the MC model does not do quite as well as the ARMC model. For the one year
ahead results the weighted average ratio is 1.05, and for the two year ahead
resultsitis 1.17. Itis well known that structural exchange rate equations have
a hard time beating autoregressive equations, and the results in Table 9.1 are
examples of this. On average, however, the results are only slightly worse
for the structural model. Also, as will be seen in the next section, the outside
sample exchange rate results favor MC over ARMC.

Other variables for which the ARMC model is more accurate than the
MC model are the price of export® ) and the price of importskM). The
results are mixed for GDF(), exports € 85%), and the wage rat®/). For the
remaining variables—the price deflata? Y), the interest rateKS), imports
(M), consumption ), investment [), the balance of paymentS§), and the
unemployment ratel{ R)—the MC model is more accurate than the ARMC
model. On average the result seem reasonably good for the MC model. The
model appears to have explanatory power beyond that contained in the lagged
values and the time trend.

The results for the United States are presented in Table 9.2. The RMSEs
in the rows labelled “MC” are from the same MC solutions used for the results
in Table 9.1. The RMSEs in the rows labelled “US” are from the solutions for
the US model alone. The same 19 prediction periods were used for the US
model alone as were used for the MC model. For the US model alone exports
(EX) and the price of importsKI M) are exogenous.

The results in Table 9.2 show how the accuracy of the US model changes
when it is imbedded in the MC model. For real GDP, the RMSE increases
between 7 and 27 percent when the US model is imbedded in the MC model.
For the GDP deflator the increases (after the first quarter) are between 18 and
66 percent. There is very little change for the unemployment rate and the bill
rate. Much of the increase for the GDP deflator is due to the effect of errors
made in predicting the price of imports. The RMSE for the price of imports
ranges from 2.69 percent for the one quarter ahead forecast to 8.11 percent
for the eight quarter ahead forecast. Similarly, much of the increase for real
GDP is due to the effect of errors made in predicting exports. The RMSE for
exports ranges from 2.29 percent for the one quarter ahead forecast to 6.16
percent for the eight quarter ahead forecast.
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Table 9.1
Ratios of Within Sample RMSEs 1972-1990: AC/ARMC
Y PY RS E M C 1 V1Y X85%
| All .95 .93 .80 1.05 75 .95 .90 1.08 .94
1l Al 111 79 96 117 .75 1.00 .90 1.12 1.04
1 CA .87 1.20 96 1.02 .68 .80 .96 1.19 .99
4 CA 106 118 93 1.06 .57 .88 1.06 1.04 1.04
8 CA 108 .93 .82 111 .49 .83 1.08 .97 1.10
1 JA 91 116 125 1.00 78 1.01 .97 1.10 .97
4 JA 1.02 1.02 69 112 .66 .88 .92 .94 .95
8 JA 137 .66 98 137 62 110 1.05 .89 1.09
1 AU .99 1.05 .75 1.03 .82 1.10 - 1.26 1.02
4 AU 1.24 .67 1.11 1.08 .93 1.48 - 1.16 .83
8 AU 141 .83 135 114 1.07 154 - 1.36 .96
1 FR .61 .90 .99 .98 62 114 1.20 1.20 a7
4 FR .86 .82 74 1.00 83 121 .92 .99 .83
8 FR 120 1.07 99  1.03 .88 141 91 1.02 1.00
1 GE 73 .85 .80 1.03 92 111 116 1.08 .86
4 GE .85 75 94 1.09 .68 74 .95 .93 .87
8 GE .85 .62 99 114 .66 .68 .82 .97 1.00
1 IT .57 .80 .84 .95 .67 92 112 1.00 1.08
4 IT 1.26 72 .64 1.02 91 1.11 .87 1.34 .95
8 IT 1.71 .75 .95 1.00 1.01 1.38 1.12 1.52 1.05
1 NE 90 1.06 75 101 1.03 1.19 - 1.71 .78
4 NE .93 77 98 1.08 96  1.02 - 1.02 .81
8 NE .84 .87 103 1.08 .96 .83 - .98 1.13
1 ST 119 .96 .81 1.02 1.09 1.00 - - .85
4 ST 148 111 118 1.04 115 1.01 - - .88
8 ST 183 141 120 113 131 .95 - - .99
1 UK 89 1.23 .90 95  1.01 .85 91 .89 1.02
4 UK .81 .95 .87 1.01 .68 .76 .76 .91 1.03
8 UK .79 .65 86 1.13 .89 .85 .67 .94 1.03
1 FI .81 .97 .90 .95 .83 .93 - 1.44 1.06
4 FI 91 72 1.02  1.06 76 .89 - 1.00 1.19
8 FI 117 77 111 112 .82  1.02 - 121 2.03
1 AS .84 .80 1.01 1.07 .80 .96 - 1.01 .96
4 AS .98 97 .86 1.10 71 1.10 - .84 .76
8 AS 1.27 .78 .90 1.23 .74 1.42 - .84 .95
1 SO 99 111 105 1.06 .76 91  1.08 - 1.18
4 SO 86 133 119 .95 .65 .84 .97 - .84
8 SO 103 161 141 .96 .82 .95 .95 - 75
1 KO 79 97  1.01 1.02 98 118 - .87 .95
4 KO .82 .98 98 113 .92 .93 - 1.18 .93
8 KO .85 .82 97 118 .92 .93 - .94 .97
1 BE 54 .94 .62 79 .59 .76 .69 .88 .70
2 BE .48 .94 .73 1.11 .80 71 .55 .90 .78
1 DE 1.05 .87 .94 .78 93 133 1.01 .97 .80
2 DE 1.08 63 1.05 1.04 1.16 142 91 .95 1.27
1 NO 1.08 1.05 .88 .74 .65 1.31 - - .88
2 NO 1.37 1.24 .81 1.08 .69 1.23 - - .92
1 Sw A7 .84 .87 .84 .67 .89 .81 1.70 .69
2 Sw .58 96 1.05 1.10 .89 .90 .87 1.59 91
1 GR .87 .87 - .82 .86 1.05 1.11 .66 .97
2 GR .89 .88 - 1.07 .93 .98  1.08 .68 .96
1 IR .88 .82 74 74 1.06 1.07 1.07 1.08 .94
2 IR .96 .69 86 111 133 1.04 1.22 1.16 .98
1 PO 166 122 1.06 .90 .90 .76 - - .85
2 PO 186 142 111 113 .97 .78 - - 1.10
1 SP 112 .68 - .83 .57 .95 - .64 .84
2 SP 141 .63 - 1.06 .49 .83 - .62 1.25
1 NZ .82 97  1.09 154 42 1.22 - - .90
2 Nz  1.02 96 130 1.65 .57 .87 - - 1.28
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Table 9.1 (continued)

PX PM S w J L1 L2 UR

| Al 102 105 .87 107 .89 105 .94 .92
W Al 107 114 .76 .97 .92 123 .96 .89
1 CA 117 98 .78 131 103 .95 - 103
4 CA 111 104 67 125 .84 103 - 84
8 CA 101 104 50 118 .85 113 - 86
1 JA 106 113 97 118 .88 115 .95 .81
4 JA 108 123 112 122 119 124 101 119
8 JA 129 154 99 104 163 186 102 149
1 AU 100 113 100 157 108 102 .98 104
4 AU 95 119 91 151 .96 103 100 134
8 AU 103 109 .62 165 105 105 101 1.0
1 FR 103 102 69 B® - - - -

4 FR 98 89 82 106 - - - -
8 FR 92 87 100 1® - - - -

1 GE 109 119 .89 109 104 107 - 113
4 GE 112 112 .90 .75 .88 .90 - 88
8 GE 106 118 .92 69 .80 .93 - 89
1 T 97 106 .80 106 123 113 117 .90
4 T 78 84 63 .71 88 99 .96 .81
8 IT 82 .76 69 .73 124 108 128 .94
1 NE 135 101 110 B - - - -

4 NE 128 97 91 B - - - -

8 NE 138 96 127 B - - - -

1 ST .98 113 117 - 102 88 91 162
4 ST 103 114 134 - 105 .93 .92 146
8 ST 115 110 1.40 - .85 100 .97 .98
1 UK 95 102 91 124 .8 104 - 116
4 UK 79 103 102 .78 55 103 - 18
8 UK 70 116 .84 63 .56 102 - 15
1 F 149 95 84 115 65 .86 100 .81
4 F 161 88 .98 118 .76 .80 .89 .66
8 FI 146 .76 .87 104 .57 104 .91 .45
1 As 107 103 .95 - .81 103 .98 116
4 AS 127 109 107 - 54 97 91 53
8 AS 138 114 109 - 46 89 86 .46
1 so 105 92 & - - - - -

4 sO 115 74 8 - - - - -

8 so 13 71 8 - - - - -

1 KO 105 .96 .91 18 - - - -

4 KO .96 104 111 23 - - - -

8 KO 103 115 .97 17 - - - -

1 BE 91 61 45 88 8 .78 57 81
2 BE 94 93 62 .78 65 85 .61 .58
1 DE .75 71 .70 90 .84 100 104 .85
2 DE 8 9 .68 .91 .89 101 108 .88
1 NO 108 .94 .94 135 169 1.40 - 146
2 NO 115 104 91 156 173 174 1.56
1 sw 101 88 83 120 95 111 115 .75
2 sw 102 110 .95 113 .98 134 126 .66
1 GR 104 77 8 B - - -

2 GR 106 .83 84 1® - - - -

1 IR 87 69 61 100 .98 - - 9%
2 IR .87 81 48 115 103 - - 101
1 PO 112 93 16 @ - - - - -
2 PO 127 111 1® - - - - -

1 sp 8 72 58 123 .77 93 .70 1.3
2 sP 87 97 46 127 .58 .86 .49 .99
1 Nz 103 123 .8 1B - - - -
2 Nz 100 120 .74 14 @ - - - -
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Table 9.1 (continued)
Y PY RS E M C 1 V1Y X85% PX PM N

1 SA .82 - - - 123 91 .83 1.60 .98 - 1.03 .97

2 SA .95 - - - 115 100 .61 1.47 .89 - 1.02 .75
1 VE .83 - 74 - .84 .97 - 1.04 1.02 - 102 1.08
2 VE .92 - .66 - .76 .99 - 1.13 1.02 - 1.00 .89
1 coO 122 113 - - 56 1.33 - 1.12 1.07 108 1.03 91
2 CO 161 130 - - .62 161 - 1.30 118 113 .99 .58
1 JO 110 130 - 121 .65 .86 - .96 1.07 134 116 79
2 JO 118 154 - 130 .59 .87 - .97 1.06 161 112 73
1 Sy 104 1.08 - - 94 1.01 - - 123 114 1.02 91
2 Sy 120 1.30 - - 77 .75 - - 144 129 1.04 .92
1 ID 1.00 - - 1.08 97 110 - - .87  1.00 .94 .99
2 ID 91 - - 116 .89 .89 - - 93 131 .82 1.03
1 MA 71 .90 - - 74 .75 - - .76 .79 105 1.00
2 MA .69  1.26 - - 121 .69 - - .75 .74 105 1.00
1 PA .89 49 .73 - 111 1.04 - .85 .83 114 1.01 .99
2 PA  1.07 .59 .86 - 1.03 1.09 - 1.45 77 1.28 98 114
1 PH 117 113 113 124 .80 113 .92 .98 106 128 126 165
2 PH 96 115 136 134 .63 95 .65 .94 127 141 130 149
1 TH .76 1.40 - - .55 .95 - 1.00 105 105 1.02 .45
2 TH 95 1.24 - - 43 .90 - 1.04 112 103 1.08 .32

VariablesW, J, L1, L2, andU R are not part of the model for countries SA—TH.
Each number is the ratio of the MC RMSE and the ARMC RMSE.

9.5 Outside Sample RMSEs

As noted at the beginning of this chapter, short sample periods for many
countries limit the amount of outside sample work that can be done. The
outside sample results in this section are thus very preliminary.

The outside sample results were obtained as follows. First, each of the
non US stochastic equations of the MC and ARMC models was estimated
through 1986.4 for the quarterly countries and 1986 for the annual countries.
These coefficient estimates were then used to predict 1987, 1988, 1989, and
1990. This gave for the annual countries 4 one year ahead forecasts and 3
two year ahead forecast. For the quarterly countries there were 4 one through
four quarter ahead forecasts and 3 five through eight quarter ahead forecasts.
RMSEs were computed for these forecasts, and the results are presented in
Table 9.3. The same weighting scheme was used in Table 9.3 as was used in
Table 9.1. When comparing Tables 9.1 and 9.3 remember that, for example, the
one year ahead results in Table 9.3 are based on only 4 observations compared
to 19 in Table 9.1 and in this sense are less reliable. The following discussion
of Table 9.3 will concentrate on the weighted results.

The results in Tables 9.1 and 9.3 differ in that some variables for which the
MC model does better in Table 9.1 do worse in Table 9.3 and vice versa. For
example, the MC model does much better for the exchange rate in Table 9.3.
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Table 9.2
US RMSEs: US Alone Versus US in MC Model

1 2 3 4 6 8

GDPR: Real GDP
Alone 46 98 104 136 152 152
MC 54 105 114 146 193 1.72
MC-+Alone 1.16 1.07 1.09 1.07 127 1.13
GDPD: GDP Deflator
Alone 45 48 68 .75 99 1.15
MC 44 57 .82 96 150 1.92
MC—+Alone .98 1.18 120 128 152 1.66
U R: Unemployment Rate

Alone .22 41 .45 .54 .76 77

MC .22 .39 .38 .52 .85 77

MC+Alone 1.01 .95 .86 95 1.12 1.00
RS: Bill Rate

Alone 50 116 1.75 133 162 1.75

MC b52 113 172 138 171 1,82

MC-+Alone 1.04 98 .99 1.03 1.05 1.04
PIM: Import Price Deflator

MC 269 414 509 544 766 8.11
EX: Exports
MC 229 320 3.64 447 517 6.16

Errors are in percentage points.

The ratio is .57 for both the one year ahead and two year ahead results. From
the results in Table 9.3 one would conclude that structural exchange rate equa-
tions dominate autoregressive ones. On the other hand, the MC model does
worse for the interest rate, where the ratios are 1.52 and 1.61. The other
variables for which the MC model does worse are consumption, employment,
and the unemployment rate. It does better, sometimes considerably better, for
the other variables. Overall, the MC model appears to do somewhat better
relative to the ARMC model in Table 9.3 than in Table 9.1. This suggests that
the ARMC equations may be somewhat more subject to within sample data
mining problems than are the MC equations. Again, however, these results
are based on only 3 or 4 observations, and so they are very tentative.

This completes the discussion of the RMSE results. One can get from
Tables 9.1 and 9.3 an idea of the accuracy of the model for the individual
countries, and this is left to the reader. When more data become available in
the future, it will be interesting to put the MC model through more tests. In
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Table 9.3
Ratios of Outside Sample RMSEs 1987-1990: MC/ARMC
Y PY RS E M C 1 V1Y X85%
| All 93 110 152 57 .86  1.47 .98 .80 .80
1l All .88 .80 161 .57 81 131 .85 .82 .60
1 CA .43 .89 1.14 .61 .95 1.57 .56 1.02 1.01
4 CA 1.06 .46 1.13 .35 1.79 .29 74 .85 .48
8 CA 101 41 1.36 .51 .69 .38 .58 .97 .61
1 JA 69 256 5.01 .84 121 52 1.27 3.32 91
4 JA 150 282 3.39 .68 27 117 1.29 27 1.55
8 JA 171 255 3.36 73 56 181 1.24 .62 .59
1 AU 1.20 A3 1.14 .95 .80 1.86 - 1.06 .81
4 AU 1.52 72 2.27 .90 .72 4.53 - 5.18 .54
8 AU 1.06 .80  3.20 .94 1.00 3.70 - 11.21 43
1 FR 31 .64 .59 .85 115 1.30 .29 .68 .85
4 FR a7 .95 .37 .67 1.02 229 24 .30 .49
8 FR 21 .79 47 .69 72 2.06 23 .54 24
1 GE 72 71 296 .93 169 176 .84 1.72 .96
4 GE .50 .54 3.10 .89 55 2.28 42 .64 73
8 GE .25 38 251 .90 49 3.95 .16 74 .57
1 IT 52 298 44 .56 93 220 77 1.89 1.02
4 IT .95 2.05 .36 .28 .64 1.73 .34 1.00 1.09
8 IT 1.45 1.06 41 .22 .45 1.70 .30 .94 1.54
1 NE 1.08 47 .59 .69 62 101 - 211 1.74
4 NE .83 .44 47 .35 .99 .67 - .80 .64
8 NE .33 .20 57 .27 .81 .55 - .95 .32
1 ST 143 131 110 .86 163 194 - - .87
4 ST 226 194 141 .98 272 175 - - 74
8 ST 230 378 117 133 1.70 .69 - - .56
1 UK 164 94 135 .66 160 229 167 2.22 .99
4 UK 1.71 .49 2.60 .57 1.97 212 1.89 .83 1.07
8 UK 1.33 .30 4.96 .48 1.70 1.52 1.54 .83 1.15
1 FI .83 252 .29 .59 1.15 .86 - 3.90 1.12
4 FI 313 211 51 .32 153 121 - 1.99 2.07
8 FI 236 3.56 .50 .26 151 122 - 1.31 .33
1 AS 1.11 1.04 .61 .55 .61 1.03 - 1.17 77
4 AS 71 .73 .76 .55 .53 1.46 - .72 .58
8 AS .74 .40 47 A8 .58 1.67 - .67 .70
1 SO 75 152 249 .28 1.92 .70 .36 - .60
4 SO 27 211 202 22 142 152 1.00 - .29
8 SO 57 246 5.03 .23 150 232 43 - .20
1 KO 75 264 1.06 57 3.76  2.99 - 1.20 .88
4 KO .38 4.88 .50 .51 8.98 4.44 - 1.64 73
8 KO .60 3.39 22 .63 1510 2.18 - 1.05 .62
1 BE .40 .58 .30 .50 2.71 1.48 .92 .24 .49
2 BE .20 .69 .45 .60 1.84 .97 .82 .25 .23
1 DE 1.13 24 215 .60 .81 4.09 3.28 1.79 .61
2 DE .98 24 252 .99 131 927 3.26 1.66 .38
1 NO 1.39 .89 .30 .64 2.04 .69 - - 1.07
2 NO 1.21 .69 .22 .96 4.19 .51 - - .95
1 Sw .18 A1 .50 .46 80 1.25 74 2.24 57
2 SwW .16 .18 .90 51 .97 .88 .64 1.45 .38
1 GR 164 105 - .85 66 110 5.96 .82 .94
2 GR 188 .53 - 91 .88 79 6.18 .89 .55
1 IR 242 52 .36 .25 1.19 484 338 2.35 1.58
2 IR 3.38 .43 44 .28 2.15 4.94 4.48 1.11 2.02
1 PO 7.13 .64 .06 54 119 4.65 - - .93
2 PO 848 .58 .05 .63 .62 511 - - .86
1 SP .49 .79 - .46 .49 .33 - .60 73
2 SP 1.59 .70 - 71 A2 17 - .30 .51
1 NZ 1.10 27 115 115 90 3.66 - - .50
2 Nz 101 21 142 144 96 459 - - .50




9.5 OUTSIDE SAMPLE RMSES

Table 9.3 (continued)

PX PM S w J L1 L2 UR
| All .65 .55 .58 .65 137 1.09 .85 1.39
1l All .50 47 .38 50 127  1.39 .82 133
1 CA .94 44 .69 1.33 .69 157 - 165
4 CA .51 .26 48 101 112 3.06 - 150
8 CA 42 .45 .14 .88 97 255 - 131
1 JA 121 1.00 .75 1.09 .96 .48 108 117
4 JA 159 .69 42 42 170 110 144 159
8 JA 160 .66 .18 32 192 277 152 144
1 AU .67 77 .61 152 .67 164 147 .88
4 AU 42 1.09 245 310 161 111 230 6.97
8 AU .23 .92 1.75 2.78 .82 .61 330 4.98
1 FR .53 .57 .61 .94 - - - -
4 FR 21 .73 .60 .69 - - - -
8 FR A3 .59 .75 41 - - - -
1 GE 71 .66 116 192 123 1.07 - 161
4 GE 51 1.50 1.42 .09 1.22 .81 - 137
8 GE 38 1.62 1.23 A3 .57 .68 - .65
1 IT .53 .92 1.88 31 .87 1.00 1.29 .80
4 IT 17 .20 21 .23 .61 .99 .28 41
8 IT 14 A1 .16 .19 14 116 .25 A1
1 NE .60 A7 .29 .73 - . - -
4 NE .29 19 .09 .16 - - - -
8 NE .39 A2 .07 .05 - - - -
1 ST a7 74 1.34 - 382 243 553 346
4 ST 101 113 1.85 - 464 350 731 129
8 ST 114 140 1.81 - 325 400 470 227
1 UK .93 42 119 109 225 .82 - 221
4 UK .58 .66 1.43 57 219 51 - 282
8 UK 42 .37 1.10 43 224 .32 - 288
1 Fl 1.31 .34 .40 .85  1.60 .87 1.70 43
4 FI .67 .23 .15 3.08 .69 .60 1.31 .98
8 FI .37 .18 .09 5.06 .78 72 117 .73
1 AS .81 113 .60 - .63  1.02 .89 .78
4 AS .82 .75 a7 - .65 1.02 1.06 .84
8 AS .69 .39 1.92 - .34 95 1.03 1.52
1 SO 179 .18 2 - - - - -
4 SO 2.03 .14 6 - - - - -
8 SO 254 .14 4 - - - - -
1 KO .56 .52 186 43 - - - -
4 KO .32 .53 1031 36 - - - -
8 KO .34 .68 753 32 - - - -
1 BE .33 31 46 110 214 .92 73 2.05
2 BE .16 .23 A3 197 171 .66 .58 1.60
1 DE .56 51 .93 77 110 .92 .85 134
2 DE .53 .76 50 106 1.23 .88 78 1.32
1 NO 1.15 .99 113 3.94 76 1.79 - A7
2 NO 1.16 91 151 4.65 .65 177 41
1 Sw 48 .54 .52 1.05 77 149 185 .49
2 SW .34 43 .51 46 96 218 284 15
1 GR 169 41 78 14 - - -
2 GR 217 .19 42 18 - -
1 IR .81 .39 43 206 221 - - 216
2 IR .92 21 .16 152 493 - - 485
1 PO  1.69 .83 15 - - -
2 PO 139 .93 18 - - - -
1 SP .33 .40 .18 .75 .67 115 .49 .96
2 SP 31 .61 .07 74 33 114 35 277
1 NZ 194 129 1.88 B - - -
2 NZ 248 294 2.00 3 - - - -
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9 TESTING THE MC MODEL

Table 9.3 (continued)

Y PY RS E M C I V1Y X85% PX PM N
1 SA 59 - - - 81 39 75 103 110 - 74 106
2 SA 48 - - 25 26 59 42 141 - 78 143
1 VE 54 - 122 - %5 8 - 205 110 - 70 131
2 VE 39 - 120 - 76 97 - 277 109 - 70 117
1 Cco 165 .74 - - 52 132 - 113 113 137 77 104
2 Cco 278 .89 - - 39 163 - 123 110 259 .74 .99
1 JO 263 104 112 31 115 1.37 9 104 101 133
2 JO 246 .99 - 116 20 85 - 168 98 101 107 256
1 SY 120 160 - - 100 245 - - 114 775 77 283
2 Sy 111 150 - - 132 1002 - - 155 628 .93 217
1 D 120 - 69 129 118 - - 68 68 63 .87
2 D 71 - - 66 118 79 - 68 74 68 .75
1 MA 136 - - - - - - 68 89 .14
2 MA - - - - - - 58 - -
1 PA 90 57 251 - 77 78 - 401 89 107 79 95
2 PA 285 50 3.99 102 162 - 331 59 .96 .93 1.29
1 PH 8 558 258 159 1.04 72 62 94 101 309 104 173
2 PH 71 852 309 197 66 385 .59 79 86 18 113 126
1 TH 341 101 - 67 154 - 453 72 42 54 37
2 TH 284 .9 - - 50 143 - 448 75 25 60 .17

VariablesW, J, L1, L2, andU R are not part of the model for countries SA-TH.
Each number is the ratio of the MC RMSE and the ARMC RMSE.

particular, it will be interesting to see if the ARMC forecasts contain informa-
tion not in the MC forecasts, which if true would suggest that the MC model
has not handled all the lags right. Other testing technigues will also become
available when stochastic simulation of the MC model becomes practical. The
possible future use of stochastic simulation of the MC model is discussed in
Section 9.2.



